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Case studies

Rainfall Estimation Using Commercial
Microwave Links Attenuations for the
case of the Extreme Event of 1st

September 2009 in Ouagadougou [1]

Findings:

r ≈ 0.63 for 1 hour RF | microwave link.

The cumulative rainfall bias during the
event less than 5%.

The opportunity to use microwave
backhauling to assess RF in Africa.
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in mobile systems [2]
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the mobile phone signals
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estimate rainfall in real
time
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hydro–meteorological
models.
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Case studies

Retrieval algorithm for
rainfall mapping from
microwave links in a
cellular communication
network [3].

Netherlands
(≈ 35, 500Km2; 15
minutes resolution; using
2,400 microwave links)

Source: https:

//www.atmos-meas-tech.

net/9/2425/2016/
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Existing rainfall monitoring techniques
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Distribution of rainfall monitoring stations
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Why the need for Uganda?

manual systems – human
errors

maintenance & calibration
challenges

errors in remote sensing
instruments

costs

Can’t we just transfer
skill? i.e. pick & plant
here?
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Expected output

comparing the variation of
microwave signals to changes in
weather;

spatializing the weather fields
generated by microwave signals;
and

using the variation of microwave
signals as short–term predictors of
weather fields.

seminar(s) & conference(s)

demonstrate the economic
potential of the findings
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